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Motivation

◆ Visual Question Answering is a multi-modal task that aims to 
measure high-level visual understanding.

◆ Contemporary VQA models are restrictive in the sense that 
answers are obtained via classification over a limited vocabulary 
(in the case of open-ended VQA), or via classification over a set of 
multiple-choice-type answers. 

◆ There can be many correct multi-word answers to a question 
which makes this classification setting restrictive.

Task Description

◆ We introduce a new task: ViQAR (Visual Question Answering and 
Reasoning), wherein a model must generate the complete answer 
and a rationale that seeks to justify the generated answer.

◆ The above example also illustrates the kind of visual question for 
which a single-word answer is insufficient.

Methodology

◆ Humans often use a rationale to answer a question, and sometimes 
vice versa. This suggests a close interplay between answer and 
rationale. Inspired by this interplay, we propose a model for answer 
and rationale generation.

◆ Our architecture consists of the Generation Module and the 
Refinement Module, both comprising of two sequential, stacked 
LSTMs.

◆ Simplicity of our approach suggests the tractability of our task.

Qualitative Results

Quantitative Results

◆ We compare our proposed model and its variants against a basic 
two-stage LSTM model and a VQA model [1] as baselines [CS = 
cosine similarity].

◆ We also perform a human Turing test on the generated answers and 
rationales, and find that our model generates grammatically correct 
and consistent answers and rationales.

Example output 
from our proposed 
model:

Challenging input 
for which our 
model fails:

￼

Ablation Results

◆ We compare our proposed architecture with variations in number of 
refinement modules.
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